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Abstract: Building upon the systematic view of “carbon market—energy market—financial market”, this paper studies the
interaction among carbon market, energy market and stock market. The empirical results show that before the launch of
the national carbon emissions rights trading market, the energy market has a positive impact on the carbon market, while
the carbon market has a negative impact on the energy market. Higher stock returns will increase the demand for carbon
emission rights, but the carbon market has a relatively weak impact on low-carbon transition impact industries. The operation
of the national carbon emissions rights trading market has a structural impact on the relationship of “carbon market-energy
market—stock market”. The national carbon market affects the regional carbon market, but not vice versa. The relationship
between financial market and carbon market, or between energy market and carbon market, shows the characteristics of
national and regional segmentation. It is suggested to give full play to the carbon market constraint mechanism, promote the
coordinated development of the regional carbon market and the national carbon market, connect the carbon market and the

financial market, and boost the low-carbon economic transformation.
Key words: carbon emission trading market, energy market, low-carbon transformation industry, BigVAR model, carbon futures
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